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The study presents a methodological approach to forecasting social trends through the integ-
ration of big data and artificial intelligence within the contemporary stage of digital sociology. The
core argument is that rapidly changing social processes cannot be sufficiently explained by tradi-
tional statistical methods alone, which creates a need for new models that combine big data analy-
tics with the capabilities of artificial intelligence algorithms. The research proposes a three-pillar
model consisting of data construction, processing and analysis, and interpretation and forecasting
stages. The data construction phase focuses on structuring and ensuring the reliability of informati-
on collected from diverse sources, including social networks, media platforms, official statistics,
and surveys. During the processing and analysis stage, natural language processing, machine lear-
ning, and deep learning techniques are employed to identify latent social patterns and behavioral
models. The final stage involves linking the findings to theoretical frameworks and forecasting futu-
re social processes. The article also addresses key challenges such as the bias of artificial intelli-
gence detectors and issues related to data quality.
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INTRODUCTION

In the modern era, the orientation of digital sociology toward the prediction of social trends
on the basis of big data and artificial intelligence derives its relevance from several factors. Social
media, online platforms, and digital technologies have become an inseparable part of daily life, di-
rectly influencing the behavior of society, political participation, information consumption, and the
formation of public opinion. In this environment, the flow of information is massive, rapid, and
complex; tracking it through traditional methods becomes difficult. Artificial intelligence algo-
rithms, by processing big data, make it possible both to monitor social changes in real time and to
predict the direction of future processes probabilistically. For this reason, such an approach carries
strategic significance both for the enrichment of sociological theories and from the standpoint of
state policy, security, information management, and social stability.

Serious scholarly research has been conducted in this field. For instance, the study by Leitgob
et al. (2023) provides a theoretical and methodological foundation for the use of big data and mac-
hine learning in sociology [11]. Garip and Macy (2025) systematically analyze the current applicati-
ons and future prospects of machine learning in sociology [7]. Molina and Garip (2019) demonstra-
te how machine learning methods can be applied in sociological research and how they open up
new empirical possibilities [13]. Verhagen (2024) examines the integration of machine learning into
sociological model construction, combining theoretical modeling with technological approaches
[19]. Heiberger (2022) demonstrates the possibilities of predicting gender and uncovering research
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tendencies through machine learning [9]. Borch and Min (2022) analyze the explainability of mac-
hine learning algorithms from a sociological perspective, explaining new forms of human—machine
interaction [5]. The overall significance of these studies lies in the fact that they expand the possibi-
lities of traditional theoretical and empirical approaches in sociology, creating conditions for the
study of deeper, more complex, and multidimensional social processes through big data and machi-
ne learning. At the same time, this work makes an important contribution to the future methodologi-
cal transformation of the field through the integration of artificial intelligence tools into sociological
model construction, questions of explainability, and the reliability of empirical research.

The aim of our study, in turn, is to construct a methodological model for the real-time trac-
king of social trends and the prediction of future directions of development by integrating big data
and artificial intelligence algorithms in digital sociology.

MAIN PART

Digital Sociology As a Current Field of Modern Sociology

Digital sociology is a new direction of contemporary sociological thought, having taken shape
against the backdrop of the rapid development of digital technologies and artificial intelligence (he-
reinafter Al). Alongside the application of sociological theory and methods to the study of the digi-
tal environment, this concept also encompasses the transformation of digital technologies themsel-
ves into objects of sociological analysis. In other words, digital sociology is concerned both with
the study of new social spaces such as the internet, social media, and digital platforms, and with the
investigation of the impact of these spaces on the values, relationships, and social structures of soci-
ety. This concept entered sociological discourse as a result of the global spread of the internet at the
end of the twentieth century and the transformation of social media platforms into an inseparable
part of life at the beginning of the twenty-first century, and at a later stage it was further strengthe-
ned by the capabilities of big data and artificial intelligence [1]. The intellectual roots of digital so-
ciology trace back to the 1980s and 1990s. During this period, along with the widespread expansion
of the internet, sociologists began to work with concepts such as "virtual community,” "online com-
munities," and "digital culture." The first studies were conducted mainly on internet forums, electro-
nic mail groups, and early online networks. At this stage, digital sociology was characterized more
by the adaptation of classical social theories (for example, Habermas's theory of the public sphere
or Giddens's theory of structuration) to the digital plane. As digital technologies created new forms
of social interaction, sociologists sought to expand the methodological base in order to track and
classify these changes [2].

From the 2000s onward, the rapid rise of social media platforms (Facebook, Twitter, YouTu-
be, and at a later stage Instagram and TikTok) launched a new stage of digital sociology. During
this period, the concept of "big data" came to occupy a central position in sociological research, sin-
ce the behavior, comments, and connections of millions of users provided unprecedented empirical
material on a scale never seen before [4]. In the 2010s, digital sociology began to be recognized as a
distinct field in its own right. At this stage, not only the study of the online environment but also is-
sues such as the impact of artificial intelligence algorithms on society, digital inequality, informati-
on security, cyberculture, and online political participation came to the fore [3]. To summarize, di-
gital sociology became a broad direction that requires not only the application of new methods but
also the reinterpretation of sociological theories.

Today, many leading universities around the world are developing digital sociology as an in-
dependent field of specialization. For example, the London School of Economics offers programs in
digital social research, focusing on social network analysis and digital economic relations. In the
United States, Stanford and Harvard universities study issues of online political mobilization, disin-
formation, and digital democracy within the framework of digital sociology. At the University of
Sydney in Australia, specialized centers for digital ethnography and internet cultures are in operati-
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on. Digital sociology also exists as a separate doctoral field at Stockholm University and Umea Uni-
versity in Sweden. These developments, in turn, demonstrate that digital sociology is already a glo-
bal academic field, developed along different empirical directions in various regions. Digital socio-
logy employs classical sociological methods in combination with new technologies. The most wi-
dely applied methods here are social network analysis, the statistical processing of big data, natural
language processing (NLP), digital ethnography, web scraping, and text mining. These approaches
encompass both quantitative and qualitative methods and make possible the multidimensional
analysis of behaviors observed in the digital environment. By means of these methods, a broad ran-
ge of topics is investigated, including the formation of public opinion, the dynamics of disinformati-
on and propaganda, as well as digital identities and the online mobilization of social movements,
along with changes in patterns of cultural consumption and the digital behavioral models of young
people. In addition, digital inequality, the relationship between gender and technology, and the im-
pact of artificial intelligence on the labor market and on changes in social structure are also at the
center of digital sociology's attention.

The Capability of Digital Sociology: On the Example of Artificial Intelligence and Big
Data

Artificial intelligence and big data, as two inseparable concepts, occupy an important place in
contemporary social research. Big data refers to the large-scale and highly varied information gathe-
red from diverse sources — social networks, electronic archives, the digital databases of state and
non-state institutions, as well as the everyday online activities of users. However, owing to the volu-
me and complexity of this data, processing it through traditional statistical methods is virtually im-
possible. It is precisely at this point that artificial intelligence “enters the stage™: Al algorithms, by
processing big data, make it possible to extract meaning from it, to uncover relationships among va-
rious variables, and to construct predictive models. In other words, Al is the principal technological
instrument that reveals the potential of big data, and for this reason their connection is built upon a
direct and mutual interdependence. In digital sociology, Al and big data open new possibilities in
the measurement and explanation of social phenomena. For example, in the analysis of social net-
work dynamics, big data consisting of the posts and comments of millions of users is collected,
while artificial intelligence is used to determine the trajectory of the formation of public opinion
from this data. This, by combining both quantitative and qualitative analysis, makes it possible to
process information on a scale that classical sociological methods could not encompass.

At present, in sociological research artificial intelligence plays an important role in the detec-
tion of disinformation, since by processing big data it makes it possible to track the dynamics of the
spread of fake news. By analyzing the semantic and structural features of content on social net-
works, Al algorithms are able to identify manipulative posts in real time. This, in turn, creates new
research possibilities for sociology from the standpoint of protecting public opinion, information se-
curity, and the transparency of democratic processes. The vast majority of research conducted
worldwide in this analogous field demonstrates how artificial intelligence and big data play an inte-
ractive role in social media and disinformation networks. For example, Shao et al. created the "Ho-
axy" platform and analyzed the structure and spread dynamics of disinformation circulating on
Twitter; as a result, it was revealed that fake news began to spread 10-20 hours ahead of fact-chec-
king and that the core of disinformation consisted only of active users [16]. Another study, conduc-
ted by Joshi et al., demonstrates the role of social bots and intra-group connections in the spread of
disinformation; fact-checking methods lag further behind, and the central nodes of fake news prove
to be more active [10]. In addition, Drolsbach and Prollochs, in their study, analyzed 91,452 disin-
formation messages on the X platform (formerly Twitter) by separating them into "Al-sourced" and
"human-sourced.” There it was determined that disinformation generated by Al has a higher proba-
bility of going viral, is distributed more from small accounts, and is more oriented toward entertain-
ment in terms of content. This study shows that the characteristics of disinformation created by Al
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are different, and that these differences open new possibilities for social network analysis [6]. Addi-
tionally, in another article by Joshi et al., explanatory methods such as the Domain Adversarial
Neural Network (DANN) and LIME were used for the analysis of disinformation across various
platforms. This approach is aimed at enhancing artificial intelligence's capacity to detect disinfor-
mation in different social media environments [10]. The results of this type of research show that
artificial intelligence is not content merely with detecting existing disinformation, but also becomes
an important instrument for predicting the trajectory of its spread in the future. In digital sociology,
prediction means determining the direction of social processes in advance, and here the power of Al
algorithms manifests itself in processing big data to determine the line of development of trends.
This is invaluable both in the defense of public opinion against manipulation and in the preservation
of the stability of democratic institutions, because foreseeing among which groups and at what spe-
ed disinformation will spread creates a strategic advantage from the standpoint of social policy and
information security. The significance of this method lies in the fact that social policy, state gover-
nance, and public organization can be built upon predictions. In other words, prediction grants so-
ciology not only a retrospective but also a prospective outlook. With the application of artificial in-
telligence, prediction in digital sociology becomes more precise and reliable. This is because Al al-
gorithms, by using big data, are able to uncover invisible relationships among different social vari-
ables. For example, the probability that rising messages of discontent on social networks in a given
country will turn into political protests can be predicted. This creates conditions for obtaining ad-
vance information about social stability, public security, and even electoral behavior. In a broader
sense, predictions carried out with Al support are able to display a general map of social trends.
Long-term social trends such as demographic changes, urbanization processes, the transformation
of young people's value and identity orientations, and changes in patterns of cultural consumption
are modeled by means of Al.

A Model for the Prediction of Social Trends: The Integration of Big Data and Artificial
Intelligence in Digital Sociology

In the contemporary era, one of the most important challenges of sociological research is the ti-
mely tracking of rapidly changing social processes and the prediction of the direction in which they will
develop in the future. In an environment where the abundance of information and digital traces is increa-
sing rapidly, traditional methods are not sufficient on their own. In this respect, the potential of big data
and the processing power of artificial intelligence algorithms bring to the fore an integrative prediction
model, which represents a new approach in sociology. By means of such a model, the dynamics of pub-
lic opinion on social networks, the direction of media discourses, and changes in statistical indicators are
analyzed within a single analytical framework and, by being connected to theoretical foundations, a map
of future social trends is formed. This can be seen visually in Figure 1:

Database Processing and analysis Prediction and
(Big data) (Al algorithms) interpretation

Fig. 1. The Prediction of Social Trends

As can be seen from the figure, the first column of the model designed for the prediction of
social trends is the database. Here, the collection of big data from various sources plays the princi-
pal role: content shared on social networks, online media resources, the statistical indicators of state
institutions, and survey results. At this stage, the main issue is not merely the quantity of data, but
its quality, reliability, and representativeness. This is because data coming from social networks
may sometimes be of a manipulative character, official statistics may have certain limitations, and
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surveys may face methodological errors. For this reason, the collection of data must be carried out
not only in terms of quantity but also in terms of the diversity and quality of sources.

The construction of the database can be carried out through a combination of various met-
hods. First of all, large volumes of data are collected from social networks and media platforms by
means of web scraping and API integrations. Subsequently, methods of data cleaning and normali-
zation are applied to identify and separate out duplicate, incomplete, and manipulative information.
Statistical weighting and sampling methods are used to increase the representativeness of official
statistical data and surveys. For the assessment of quality, reliability checks, comparison of sources,
and triangulation are applied. Thus, as a result of the integration of various technical and methodo-
logical approaches, a database that is both broad and reliable is formed (Table).

Table
Stages of Constructing the Database

Stage Explanation

Web scraping extracts data from the open pages of

websites, while an API makes it possible to obtain

structured data through the official interface provi-
ded by the platforms.

Web scraping and API integration

This is the process of eliminating errors, duplicates,

and gaps in the collected data and converting it into

Data cleaning and normalization a standard format. This ensures that data coming

from various sources is unified within the same
units of measurement and structure.

Weighting adjusts the distribution of data to con-

form to real demographic indicators, while samp-

ling means the selection of representative groups
from a broad population.

Statistical weighting and sampling

This is a method of verifying reliability by compa-

ring data obtained from different sources on the sa-

me topic. In particular, triangulation, by combining

results coming from different methods and sources,

makes it possible to obtain a more precise and reli-
able result.

Comparison of sources and triangulation

The second column is the stage of processing and analysis, in which artificial intelligence al-
gorithms come into play. For example, by means of natural language processing (NLP), the seman-
tic analysis of texts circulating on social media is carried out, and emotional tone, thematic orienta-
tions, and discourse structure are determined. Machine learning models, in turn, are able to uncover
hidden patterns among millions of observations, identify behavioral models, and group them. At
this stage, both gquantitative analysis (the statistical analysis of digital trends) and qualitative analy-
sis (the semantic interpretation of public discourse) are carried out in parallel. Thus, rather than be-
ing content merely with data collection, the internal logic of social processes is revealed through the
analytical capabilities of artificial intelligence, and the stage of preparation for prediction is comple-
ted (Figure 2).

117 YOUNG RESEARCHER, 2026, Ne3, ISSN 2409-4838



J.G.Jabarov

: . 3 )
Natural Language Processing (NLP) Machine Learning
« Semantic analysis of texts — « Uncovering hidden patterns
« Determination of emotional tone « Determination of behavioral models
\_ » Thematic orientations and discourse structure l « Grouping and classification )
N
Quantitative and Qualitative Analysis
« Statistical analysis of digital trends
« Semantic interpretation of public discourse
. J

v

Revealing the internal logic of social processes

and preparation for prediction

Fig. 2. The Processing and Analysis Stage: Artificial Intelligence Algorithms

In the processing and analysis stage, the significance of artificial intelligence is even greater.
Traditional statistical programs (SPSS, PSPP, JASP, etc.) are very useful for the analysis of structu-
red and relatively small-volume data, but they face limitations in managing the complexity and vo-
lume of big data. The millions of observations collected from social networks, media platforms, and
various digital sources carry non-linear relationships, multidimensional patterns, and layers of se-
mantic meaning that are difficult, and sometimes impossible, to detect through traditional statistical
methods. Artificial intelligence algorithms, by contrast, processing both quantitative and qualitative
big data simultaneously, are able to uncover hidden patterns, learn behavioral models, and, with the-
ir predictive capability, indicate the direction of future social trends more precisely. At the same ti-
me, although the R program offers powerful tools for processing big data, it has limitations in pro-
cessing very large-volume, real-time streaming data and in constructing complex deep learning mo-
dels. Artificial intelligence algorithms, by contrast, make it possible to uncover non-linear relations-
hips in this type of data and to produce predictions with higher precision.

Among the tools that can be most widely used for artificial intelligence in digital sociological
research are libraries such as TensorFlow, PyTorch, scikit-learn, NLTK, and spaCy. These tools
create broad possibilities for processing big data, analyzing natural language, and constructing pre-
dictive models.

The final column is the prediction and interpretation stage, in which the results generated by
artificial intelligence are linked to sociological theories. The prediction stage does not merely yield
technical results; it also requires their scientific interpretation. For example, predictions related to
electoral behavior are compared with the theory of political participation, while new behavioral mo-
dels of young people on social networks are compared with theories of socialization. At this stage,
predictions do not only indicate the probability of future events, but also reveal the social causes be-
hind these events.

From a mathematical standpoint, the prediction model serves to determine the direction in
which social trends may develop in the future. The basic logic here is as follows: features extracted
from big data (X) collected from various sources are transmitted to artificial intelligence algorithms,
and as a result the probability or intensity (y) of the occurrence of a certain event is calculated. For
example, electoral behavior, the probability of protest actions, or the speed at which disinformation
spreads can be described by such models. For this purpose, time-series models (ARIMAX, VAR),
non-linear diffusion models (the Hawkes process, SIR-type network models), and machine learning
approaches (logistic regression, gradient boosting, neural networks) are used. Mathematically, the
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model can be expressed in the form y_{t + A} = f{X_{t— k:t}) + =where f denotes the functional

relationship constructed by artificial intelligence and € denotes the random error.

In addition, it is not sufficient for the prediction merely to yield technical results; its interpre-
tation through sociological theories is essential. For example, when the probability of protests is cal-
culated by means of logistic regression or survival models, these results are compared with resource
mobilization theory or the theory of political participation. When information cascades on a social
network are tracked with the Hawkes process, the results are interpreted in the context of diffusion
theory. Thus, the prediction model does not merely describe future events probabilistically, but also
reveals the social causes behind them and provides their interpretation from a theoretical standpoint.

The indicators used in the mathematical model are expressed by means of a time index, and
this clarifies the basic mechanism of prediction. y. denotes the outcome observed at time t, for
example, voter activity on a particular day or the intensity of public protests. X_(t — k:t), in turn, is

the set of data collected during the period from t-k to t; this includes indicators such as social media
posts, official statistics, and survey results, that is, the model takes as its basis the data coming from
a past window. y_(t 4+ A), in turn, expresses the outcome to be predicted at a time A in the future,

for example, it indicates the direction in which social trends will develop one week or one month la-
ter. This approach is generalized in the form y_(t + A) = f(X_(t — k:t)) + =

Challenges and Problems

The main problem or challenge in the model is that social processes are not stable and simple,
but complex, multidimensional, and dynamic. That is, the function f in the formula
v_(t+4A) = f(X_(t—k:t)) + = is in real life very often not linear; on the contrary, it consists of inter-

connected and rapidly changing factors such as social network effects, political events, economic
changes, and cultural factors. As a result, two major difficulties arise. The first is the quality and di-
versity of data, in that social media, official statistics, and survey data may be contradictory both in
terms of reliability and in terms of differences of measurement. The second is the complexity of the
prediction function, in that traditional statistical tools have difficulty in fully reflecting these multi-
dimensional and non-linear relationships, and for this reason the use of artificial intelligence beco-
mes necessary. In other words, the main problem is both the construction of a reliable database and
the conversion of this data into a prediction model that corresponds to real social mechanisms.

The second challenge is related to artificial intelligence detectors. The use of artificial intelli-
gence detectors has become widespread in recent years, and the aim is to safeguard academic integ-
rity. However, empirical evidence shows that these tools frequently produce erroneous results. For
example, in some cases texts written by humans are mistakenly assessed as the product of Al. Er-
rors of this type have gone so far that even the United States Constitution has been flagged as a text
written by artificial intelligence [15]. A more serious problem is that the texts of authors who use
English as a second language, and especially the writings of scholars from the countries referred to
as the Global South, are systematically perceived as Al writing. Such misidentifications are not me-
rely a technical defect; they can also cast a shadow over the scholarly credibility of certain groups.

The research that has been conducted also confirms this. A study led by Stanford University
showed that more than half of the essay samples of students whose native language is not English
were assessed by detectors as Al writing [17, 18]. Whereas more than 90 percent of the writings of
students whose native language is English were accepted as "human writing” [12]. These results
clearly show that the algorithmic approach of the detectors automatically likens a simple or less
idiomatic style of expression to machine language.
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Recent research shows that artificial intelligence text detectors exhibit a systematic bias in mista-
kenly assessing text written by humans as Al writing. For example, in 2023 the dissertation of a Nigeri-
an doctoral student was erroneously flagged by detectors as a text produced by artificial intelligence
[14]. One of the most well-known examples of such incidents occurred at the University of Minnesota,
where a Chinese doctoral student, Haishan Yang, was expelled from his program on suspicion that his
examination answers had been written with Al. The professors, running his writings through a detector,
accepted the indicator of "high Al probability” as proof and, despite the student's objections and even
the tool's showing contradictory results on his own writings, did not change the decision [8]. As a result,
Yang lost both his doctoral program and his visa to remain in the United States.

One of the main reasons for this "bias" lies in the operating mechanism of the detectors. They
mainly use a measure called "perplexity": they assess the degree to which the words and expressi-
ons of a text can be predicted. In a text with a simple and repetitive language structure, perplexity is
low, and such writings are automatically flagged as Al writing. This, in turn, puts at risk the wri-
tings of authors who write in a language other than their native one, because of the simpler grammar
and limited lexical repertoire they use. The paradox is that advanced Al systems such as ChatGPT,
because they are able to produce multilayered, idiomatic, and fluent English-language content, are
accepted by detectors as human writing.

The model for the prediction of social trends shows that big data and artificial intelligence al-
gorithms are a powerful instrument for tracking social processes, but the one-sidedness of Al detec-
tors poses a serious challenge to the reliability of these systems. If the predictions produced by this
model are mistakenly labeled as "Al writing,” this, in turn, will deal a blow both to the correct in-
terpretation of the data and to the preservation of trust in the academic environment. Thus, the app-
lication of the model must not be limited to prediction alone, but must also take into account the al-
gorithmic injustice created by artificial intelligence.

CONCLUSION

Thus, as a result of our study, we can state that digital sociology, having taken shape as an in-
separable direction of modern sociology, requires both the reinterpretation of theoretical frame-
works and the application of new methodological approaches. Its development shows that the trac-
king of public opinion, disinformation, and patterns of digital behavior by means of big data and ar-
tificial intelligence makes sociological analysis more multifaceted and dynamic. This field, develo-
ping on a global scale, carries strategic significance not only on the academic plane but also for so-
cial policy, information security, and public governance.

In this respect, the integration of artificial intelligence and big data makes it possible in socio-
logy not only to explain existing social phenomena but also to foresee their future trajectory. This,
in turn, opens new scholarly and practical possibilities both for the prevention of disinformation and
for the prediction of long-term social processes such as political participation, cultural transformati-
on, and social stability.

Within this framework, the significance of the three-column model proposed in the article lies
in the fact that the construction of the database serves the reliable structuring of big data collected
from various sources, the processing and analysis stage serves the uncovering of hidden social pat-
terns through artificial intelligence algorithms, and the interpretation and prediction stage serves the
formation of foundations for explaining the future development of social trends by linking these re-
sults to theoretical frameworks.

Big data and artificial intelligence open important possibilities in the tracking and prediction
of social processes, but their application is limited by the quality of data and the complexity of non-
linear social mechanisms. In addition, the one-sidedness of artificial intelligence detectors creates
an additional risk for academic credibility and public trust, and without taking this problem into ac-
count, the application of the model cannot be considered sufficient.
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ROQOMSAL SOSIOLOGIYA: BOYUK VERILONLOR VO SUNI INTELLEKT
OSASINDA ICTIMAI TENDENSIYALARIN PROQNOZLASDIRILMASI MODELI

C.Q. Cabarov

Toadgigat ragamsal sosiologiyanin miiasir marhalasinds boyiik verilonlar va siini intellektin in-
tegrasiyasi osasinda ictimai tendensiyalarin prognozlasdirilmasina yonalmis metodoloji bir yanas-
mani1 tagdim edir. Osas ideya ondan ibaratdir ki, siiratlo doyison sosial proseslor ananavi statistik
metodlarla Kifayat godor izah edilo bilmir va bu sababdan, boyiik verilanlorin analizi ils siini intel-
lekt algoritmlarinin imkanlarin1 birlagdiran yeni modellara ehtiyac yaranir. Tadgiqat ¢argivasinda
ti¢stitunlu bir model irali siriiliir: moalumat bazasinin formalasdirilmasi, emal vo analiz, homginin in-
terpretasiya vo prognozlasdirma morholalari. Malumat bazasi miixtalif monbalordan (sosial saboko-
lor, media platformalari, rosmi statistika va sorgular) toplanan malumatlarin strukturlagdiriimasi vo
etibarliliginin tominina asaslanir. Emal vo analiz marhoalasinds tobii dil emali, masin 6yronmasi va
darin 6yronmo tisullar: tatbiq edilorak gizli sosial nimunalor vo davranis modellori askarlanir. So-
nuncu marhals isa naticalorin nazari ¢argivalarlo slagalondirilmasini va galocak ictimai proseslorin
prognozlasdiriimasini nazords tutur. Moagalods hamginin siini intellekt detektorlarinin birtarafliliyi
vo molumatlarin keyfiyyst problemi kimi ¢agirislara diggot gokilir.

Acar sozlar: ragomsal sosiologiya, boyiik verilanlar, siini intellekt, prognozlasdirma, ictimai
tendensiyalar.

HUA®POBASI COONOJOIUsA: MOAEJIb IPOIHO3UPOBAHMS OBIIECTBEHHBIX
TEHAEHIIUU HA OCHOBE BOJIBIIINX JAHHBIX U HCKYCCTBEHHOI'O
HUHTEJIVIEKTA

Jx.I'. IxabapoB

HccnenoBanue npeziaraeT METOJONOTHUYECKUI MOAXOA K MPOTHO3MPOBAHUIO OOIIECTBEHHBIX
TEHJICHLIMI Ha COBPEMEHHOM JTaIle pa3BUTUS IU(POBON COLMOIIOTUH HA OCHOBE MHTErpalluy OOJIBIINX
JAHHBIX W HCKYCCTBEHHOro HHTelUlekTa. OCHOBHas ujesl 3aKI0Yaercss B TOM, 4YTO OBICTPO
MEHSIOLIMECS COLMAIbHbIE MPOLIECChl HE MOTYT OBITh a/IeKBaTHO OOBSICHEHBI HUCKIIIOYUTEIILHO
TPaJUIMOHHBIMUA CTaTUCTUYECKUMH METOJAMH, B CBSI3M C YEM BO3HUKAeT HEOOXOAUMOCTb B HOBBIX
MOJIETISIX, COYETAIOIIMX aHAJIU3 OOJIBIIMX JAHHBIX C BO3MOXKHOCTSIMHM aJITOPUTMOB HCKYCCTBEHHOTO
MHTEIUIEKTa. B paMKax mccieoBaHus BBIABUTAcTCSl TPEXKOMIIOHEHTHASI MOJIEINb, BKIIFOUAKOIIAs ITAIIbI
(dopmupoBaHus 0a3bl JAHHBIX, OOPaOOTKH M aHAIN3a, a TaKKe MHTEPHPETAlUN U MPOrHO3HPOBAHMSL.
®opmupoBaHue 0a3bl JAaHHBIX OCHOBAHO Ha CTPYKTYPUPOBAaHMM M OOECHEUEHUHM HAJIeKHOCTU
UHQOpMAIMY, MOJYYEHHOM W3 Ppa3IMYHbIX MCTOYHUKOB, TAaKMX KaK COLIMAJIbHBIE CETH, Meaua-
wiatopMbl, oduIMaIbHAs CTaTUCTUKAa U onpockl. Ha sranme o0paboTku M aHamM3a MPUMEHSIOTCS
METO/Ibl 00paOOTKM €CTECTBEHHOIO $3bIKa, MAIIMHHOTO OOY4YEeHUS U TJIyOOKOro OOyudeHHs JUis
BBIIBJICHUS CKPBITBIX COLIMAIBHBIX 3aKOHOMEPHOCTEM M MOJENEN MOBEACHUS. 3aKIIOYUTENBHBIN dTall
NpeAnoyiaraeT COOTHECEHHE IOJyYEHHBIX PE3YJIbTaToB C  TEOPETMUECKHMMH paMKaMud H
IPOTHO3MpOBaHUE OyayIIMX OOIIECTBEHHBIX INPOIECCOB. B craThe Takke paccMaTpUBAIOTCS TaKHe
BBI30BbI, KaK OJHOCTOPOHHOCTH JIE€TEKTOPOB HMCKYCCTBEHHOTO HMHTEIIEKTa W IMPOOJIEeMbl KauecTBa
JTAHHBIX.

KuroueBble ciioBa: yugposas coyuonozus, 6onrvuie 0auHvle, UCKYCCMBEHHbII UHMENLEKM,
npozcHO3Uposarue, oouecmeernble MmeHOeHYUU.
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